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Abstract  

 This concept of Automatic description generation for news is predicated on thesis of automatically generating 
captions for pictures that is very important for several image related applications. This model postulates that pictures and their 
textual descriptions are generated by a shared set of latent Variables (topics) and is trained on a weakly labeled dataset (which 
treats the captions and associated news articles as image labels). The theoretic surface realization model generates captions 
that are favorable to human generated captions. Given a news image I and its associated document D, produce a natural 
language caption that captures the pictures content given document. The training data so consists of document-image caption 
tuple during testing, we have a tendency to area unit given a document associated an associated image that we should generate 
a caption and therefore the cognitive content should contain 2 sorts of information, data concerning however the pictures (or 
image regions) corresponds to words and knowledge concerning however these words are often combined to form a human-
readable sentence. 
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I. INTRODUCTION 
 
Late years have seen an uncommon development in the 

measure of computerized data accessible on the Internet 
Flicker, one of the best known photograph sharing sites, has 
more than 3 billion images, with roughly 2.5 million images 
being transferred each day.1 Many online news destinations 
like CNN, Yahoo!, and Google News distribute images with 
their stories and even give photograph bolsters identified 
with current vents. Perusing and finding images in 
expansive scale and heterogeneous accumulations are a vital 
issue that has pulled in much enthusiasm inside of data 
recovery.  

Large portions of the web search tools sent on the web 
recover images without dissecting their substance, 
essentially by coordinating client inquiries against arranged 
printed data. Illustrations incorporate metadata, client 
clarified labels, subtitles, and, for the most part, content 
encompassing the image.  
 

II. PROBLEM DEFINITION 
 

Natural language generation (NLG) is the 
assignment of creating normal dialect yield as indicated by 
certain information (Jurafsky and Martin, 2000). The 
information relies on upon the unique prerequisites of 
different applications. For example, in single sentence 
generation, it could be an arrangement of ideas with 
indicated relations, or only an arrangement of separated 
catchphrases. What's more, the yield is relied upon to fulfill 
the information prerequisites, furthermore to be syntactic 
and semantically cognizant. These two modules are 
regularly alluded to as substance determination and surface 
acknowledgment, Content choice more often than not 
requires a learning base to help with better translating the 
info ideas. 

III. LITERATURE SURVEY 
 
1) Image Classification for Content-Based Indexing:  

User queries in content-based retrieval are typically 
based on semantics and not on low-level image features. 
Providing high-level semantic indices for large databases is 
a challenging problem. We have shown that certain high-
level semantic categories can be learnt using specific low-
level image features under the constraint that the images do 
belong to one of the classes under consideration. 

 
2) Content-Based Image Retrieval at the End of the 

Early Years:  
The paper presents a review of 200 references in 

content-based image retrieval. The paper starts with 
discussing the working conditions of content-based 
retrieval: patterns of use, types of pictures, the role of 
semantics, and the sensory gap. Subsequent sections discuss 
computational steps for image retrieval systems. Step one of 
the review is image processing for retrieval sorted by color, 
texture, and local geometry. Features for retrieval are 
discussed next, sorted by: accumulative and global features, 
salient points, object and shape features, signs, and 
structural combinations. 
 
3) I2T: Image Parsing to Text Description: 

In this paper, we present an image parsing to text 
description (I2T) framework that generates text descriptions 
of image and video content based on image understanding. 
The proposed I2T framework follows three steps: 1) input 
images(or video frames) are decomposed into their 
constituent visual patterns by an image parsing engine, in a 
spirit similar to parsing sentences in natural language; 2) the 
image parsing results are converted into semantic 
representation in the form of Web ontology language 
(OWL). 
 
4) Baby Talk: Understanding and Generating Simple 

Image Descriptions : 
This paper exploits both of these lines of attack to build 

an effective system for automatically generating natural 
language – sentences – from images. It is subtle, but several 
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factors distinguish the task of taking images as input and 
generating sentences from tasks in many current computer 
vision efforts on object and scene recognition. 

 
IV. EXISTING SYSTEM 

 
A considerable lot of the internet searchers sent on the 

web recovers images without breaking down their 
substance, essentially by coordinating client inquiries 
against arranged literary data. Samples incorporate metadata 
(e.g., the images record name and organize), client 
commented labels, inscriptions, and, for the most part, 
content encompassing the image. As this limits the 
relevance of web search tools (images that don't correspond 
with printed information can't be recovered), a lot of work. 
 
Disadvantages 
 

1. The web retrieve images without analyzing their 
content, simply by matching user queries against 
collocated textual information. 

2. Images that do not coincide with textual data 
cannot be retrieved. 

 
V. PROPOSED SYSTEM. 

 
Tackle the related issue of creating inscriptions for 

news images. A methodology influences the limitless asset 
of images accessible on the web and the way that a 
considerable lot of them actually co-happen with topically 
related archives and are inscribed. The attention is on 
inscribed images implanted in news articles, and learns both 
models of substance choice and surface acknowledgment 
from information without requiring costly manual 
annotation. At preparing time, the models gain from images, 
their inscriptions, and related archives, while at test time 
they are given a image and the record it is inserted in and 
create a subtitle. Contrasted with most work on image 
description generation, the methodology is shallower, it 
doesn't depend on word references indicating image to-
content correspondences, nor does it utilize a human-
composed sentence structure for the subtitle creation 
undertaking. It utilizes the archive co-situated with the 
image as an intermediary for phonetic, visual, and world-
learning. The development is to misuse this verifiable data 
and treat the encompassing record and inscription words as 
marks for the image, therefore diminishing the requirement 
for human association. 
 
Advantages 

1. Content selection and surface realization from data 
without requiring expensive manual annotation. 

2. It does not rely on dictionaries specifying image-to-
text correspondences, nor does it use a human-
authored grammar for the caption creation task. 

3. It reduces the need for human involvement. 
 
1) Input image and document: 

The image and the document are the inputs of the 
system. 
 
2) Input image and document: 

The image and the document are the inputs of the 
system. 
 
3) Process image and document: 

The process phase extract the image and document for, 
image to recognize the different object and document to 
retrieve the different topic. 
 

 
Fig 1: System Block diagram. 

 
 
 
4) Summarization 

In this stage it just concentrates on literary data while 
overlooking images, graphical figures, or tables that are 
inserted in reports to create more thorough synopses. In this 
we utilize abstractive rundown module which creates more 
human-like synopses. In this, the source message normally 
supplies syntactic sentences or expresses that can be utilized 
to create linguistic rundowns. The abstractive rundown first 
recognizes the key substance of reports as constituents, e.g., 
words or expresses, which are then sorted out into a 
linguistic sentence. 

 
5) Image Annotation: 

We characterize a probabilistic image annotation model 
in view of the suspicion that images and their encompassing 
content are created by a mutual arrangement of dormant 
variables or points. Our annotation model considers these 
subject disseminations while discovering the doubtlessly 
catchphrases for a image and its related report. The 
watchwords are utilized for producing a description that is 
identified with both the news report and the image.  

Words and images are unmistakable modalities, yet 
both modalities are on same level as they depict same 
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articles. The initial step is the division of the photo into 
districts, utilizing image division calculation. Areas are then 
portrayed by a standard arrangement of elements, including 
shading, composition and shape. The visual elements get a 
discrete representation and every image is dealt with as a 
sack of words. To accomplish this, Scale Invariant Feature 
Transform (SIFT) calculation is utilized. The thought behind 
this calculation is to test the image with contrast of-Gaussian 
point locator at diverse scales and areas. Each distinguished 
area is spoken to with SIFT descriptor, which is a histogram 
of bearings at diverse areas in the identified locales. The 
SIFT descriptors are further quantized utilizing K-implies 
grouping calculation to acquire a discrete arrangement of 
visual terms which frame our visual vocabulary. Every 
section in this vocabulary speaks to a gathering of image 
districts which are comparative in substance or appearance 
and expected to begin from comparable articles. 

 
6) Description generation: 

For this, we are utilizing the abstractive description 
generation approach. As we probably am aware, there is 
frequently no single sentence in the record that remarkably 
portrays the image's substance. As a rule the catchphrases 
are found in the record however are spread over various 
sentences. Besides, they chose sentences make for long 
description which is not succinct and generally speaking not 
as infectious also. Consequently we swing to abstractive 
description generation and in this we are utilizing two 
models, firstly the word based model and furthermore the 
expression based model. 

 
1) Word-based Description Generation: 

In this methodology of description generation, Content 
choice is displayed as the likelihood of a word showing up 
in the feature given that the same word shows up in the 
relating record and is free from different words in the 
feature. The probability of distinctive surface acknowledge 
is evaluated utilizing a bigram model. They likewise 
consider the circulation of the length of the features trying to 
predisposition the model towards producing yield of 
sensible length. 

 
2) Phrase based Description Generation: 
In the word based description generation, there is no 
certification that these will be good with their encompassing 
connection or that the inscriptions will be universally 
intelligible. Along these lines to maintain a strategic 
distance from these issues, we turn our regard for 
expressions which are actually connected with capacity 
words and might conceivably catch long-range conditions. 

 
CONCLUSION 

Introduce the novel task of automatic description 
generation for news and blog images. The task fuses insights 
from Computer vision and linguistic communication process 
and holds promise for numerous transmission applications, 
like image and video retrieval, development of tools 
supporting journalism management, and for people with 
disability. The tendency is to describe the image more 
naturally like human describe with the most desired 
expression. 

Dataset that contains real-world images and 
exhibits a large vocabulary including both concrete object 
names and abstract keywords; instead of manually creating 
annotations, image captions are treated as labels for the 
image. The description words are admittedly noisy 
compared to traditional human-created keywords, system 
show that they can be used to learn the correspondences 
between visual and textual modalities, and also serve as a 
gold standard for the caption generation task. Moreover, this 
news dataset contains a unique component, the news 
document, which provides both information regarding to the 
images content and rich linguistic information required for 
the generation procedure. 

The proposed framework can be applied to other 
types of data, including photo sharing sites and life-science 
publications, which conventionally contain graphical 
illustrations with detailed textual descriptions. The uses of 
the image annotation model discussed in this paper are many 
and varied. An interesting future direction concerns the 
application of the proposed model in a semi-supervised 
setting where the annotation output is iteratively refined 
with some manual intervention .The annotation model can 
be usefully employed in an information retrieval setting 
where the goal is to find the image most relevant for a given 
query or document. 
 

FUTURE SCOPE 
 

As video preparing more often than not includes 
handling key frames (images) from streaming video 
information, it is additionally conceivable to adjust existing 
models and applications from images to video (programmed 
video summarization).The dataset talked about in this 
postulation can be further refined by Applications to utilize 
the news document to build the annotation watchwords by 
distinguishing equivalent words or even sentences that are 
like the image inscription. A conspicuous augmentation 
would be considering spatial in-arrangement when 
managing image representations. Right now, we treat the 
image areas or recognized districts of enthusiasm as packs 
of-words, which could be stretched out to bigrams as 
indicated by their spatial relations. For example, we could 
explore different avenues regarding highlights identified 
with archive structure, for example, titles, headings, and 
segments of articles furthermore abuse syntactic data all the 
more straightforwardly. 

We could, be that as it may, enhance 
grammaticality all the more all around by producing a very 
much shaped tree (or reliance chart). 
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