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Abstract — In this project we are going to attempt to predict doable cancellations of cab booking by the client 

exploitation knowledge obtained from the corporate. Our goal is to cut back the price incurred by the corporate as a 

results of cab cancellations created by the client. By predicting doable cancellations associate hour before the pickup 

time, company are going to be higher able to manage its vendors and drivers by providing them with up-to-date info 

regarding client cancellations and cut back the price incurred from causing a cab to a booking location that has been off 

by the client. Accurate prediction of client cancellations can cause a discount in company prices. Our knowledge 

analysis model used effective strategies to investigate the information like Naïve Bayes. The accuracy of the model as 

well as the ultimate business goal of reducing price for the corporate was wont to settle the model for the prediction. The 

model that we have a tendency to chosen within the finish was Naïve Bayes. Not solely will the model have associate 

overall low error rate, however additionally the value incurred by the corporate exploitation this model is that the 

lowest. Our recommendation includes running the model in real time on associate hourly basis for all pickup times, that 

square measure among associate hour’s time. The model can flag all possible booking cancellations on net application. 

By exploitation the model for predicting doable client cancellations, the corporate can with success cut back the price 

incurred from causing a cab to a pickup location wherever the client isn't gift. 

 

Keywords- Index Terms— Naïve Bayes, customer cancellations. 

 

I. INTRODUCTION 

 

Online Cab Booking System specializing in Hiring cabs to customers. it's a web system through that customers will read 

accessible cabs; register the cabs, read profile and book cabs. Cab booking service could be a major transport service 

provided by the assorted transport operators in a very explicit town. largely peoples use cab service for his or her daily 

transportations want. the corporate should be registered and fulfills all the wants and security standards set by the 

transport department. A Cab Booking/Hiring may be a system that may be used briefly for an amount of your time with a 

fee. Hiring an automobile assists folks to induce around even after they don't have access to their own personal vehicle or 

do not own a vehicle in the least. The individual WHO wish to hire/rent an automobile should initial contact the cab 

hiring company for the need vehicle. this may be done on-line. At now, this person has got to offer some data such as: 
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dates of rental, and kind of automobile. once these details are found out, the individual rental the automobile should gift a 

legitimate Identification Card. Most firms throughout the business build a profit based mostly of the kind of cars. The 

hiring cabs are classified into economy, compact, compact premium; premium and luxury & customers ar liberated to opt 

for any automobile of their selection supported their purse and convenience of such automobile at the time of reservation. 

per annum the corporate loses cash thanks to client cancellations. the corporate presently doesn't have a mechanism to 

trace or predict these cancellations. the corporate presently solely realizes that there's a cancellation once the cab reaches 

the location; leading to price|a price|a value} which may be quantified in such metrics as fuel cost, driver’s regular 

payment, cab utilization, lost time that the driving force that may are spent attending different bookings and most vital 

lower utilization by the vendors exploitation cab booking service. This conjointly will increase the variable waiting time 

by the client. value|the value|the price} of the cancellations due by customers on a yearly basis is calculated by 

assumptive the typical cost of cancellation being Rs. one hundred and on the average 100 percent of all booking area unit 

off by the client. This equates to roughly four,35,000 (43,50,000 bookings * 10%*100) in value annually. 

 

II. PROBLEM STATEMENT 

 

Every year the Company, Your Cabs loses money due to customer cancellations. The company currently does not have a 

mechanism to track or predict these cancellations. The company currently only realizes that there is a cancellation when 

the cab reaches the location; resulting in a cost which can be quantified in such metrics as fuel cost, driver’s salary, cab 

utilization, lost time that the driver which could have been spent attending other bookings and most important lower 

utilization by the vendors using Your Cabs service. This also increases the variable waiting time by the customer. 

 

 

III. LITERATURE REVIEW 

 

1)  A Distributed Dijkstra's Algorithm For The Implementation Of A Real Time Carpooling Service With An 

Optimized Aspect On Siblings. 

AUTHOR:  First Manel Sghaier, Second Hayfa Zgaya, Third Slim Hammadi and Fourth Christian Tahon 

The important and increasing growth of the carpooling phenomenon throughout the world, many researchers have 

particularly focused their efforts on this concept. Researches led to many systems affording carpooling service not 

usually effective. In fact, most of them present multiple drawbacks regarding automation, functionalities, accessibility, 

etc. Besides, only few researchers focused on real time carpooling concept without producing promising results. To 

address these gaps, we introduce a novel approach called DARTiC: a Distributed Dijkstra for the implementation of a 

Real Time Carpooling system based on the multi-agent concept, we particularly focus on the distributed and dynamic 

aspect within Dijkstra’s implementation. A new modeling of the served network highlights the distributed architecture, 

helping to perform decentralized parallel process. This helped to take into consideration different aspects we should be 

involved in, especially optimization issue. Users' requests must be performed in a reasonable time and responses should 

be as efficient as possible with regards to the fixed optimization criteria. 
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2) Multi-direction Searching Ant Colony Optimization for Traveling Salesman Problems. 

AUTHORS: Zhaoquan Cai Network Center, Huizhou University. 

Traveling salesman problem (TSP) is one of the most famous NP-hard problems, which has wide application 

background. Ant colony optimization (ACO) is a nature-inspired algorithm and taken as one of the high performance 

computing methods for TSP. Classical ACO algorithm like ant colony system (ACS) cannot solve TSP very well. The 

present paper proposes an ACO algorithm with multi-direction searching capacity to improve the performance in solving 

TSP. Three weight parameter settings are designed to form a new transition rule, which has multi-direction searching 

functions in selecting the edges of the TSP tour. The experimental results of solving different kinds of TSP problems 

indicate the proposed algorithm performs better than the famous ACO algorithm ACS. 

 

 

3) A Novel Approach Based On A Distributed Dynamic Graph Modeling set Up Over A Subdivision Process To 

Deal With Distributed Optimized Real Time Carpooling Requests 

AUTHORS:  Manel SGHAIER and Hayfa ZGAYA and Slim HAMMADI and Christian TAHON 

Years ago, researchers started spending efforts in carpooling domain leading to many systems. Those systems are either 

operating or not and even if some of them succeeded, they still need improvement. As optimization and dynamicity are 

the most lacking aspects, we are interested in setting up an optimized dynamic carpool service. This problem’s high 

complexity constitutes a big handicap through the way to perform efficient process. Consequently, it is here addressed 

based on a decentralized parallel requests’ process and a distributed architecture is adopted. In this context, we propose a 

subdivision principle in order to decompose the served network and establish a Distributed Dynamic Graph. The latter 

models the available information about passengers and drivers and helps to establish a distributed parallel process. In 

addition, the multi-agent concept has been adopted to set up an automated framework where several communicating 

entities evolve and perform requests’ management. 

 

 

4) An Activity-based Carpooling Microsimulation using Ontology 

AUTHORS: Sungjin Choa, Jeon-Young Kangb, Ansar-Ul-Haque Yasara, Luk Knapena, Tom Bellemansa, Davy 

Janssensa 

This study aims to show an ability of Ontology, which is a formal explicit description of concepts in a domain of interest, 

in an activity-based microsimulation. Thus, an agent-based carpooling application using ontology techniques is presented 

as a case study with a focus on three functions of the Ontology. First, Ontology facilitates integrating between 

heterogeneous databases by defining the relationship between their concepts. Second, Ontology verifies the compatibility 

and consistency between the different angles to combine varied models in a common structure by providing shared 

knowledge between different domains modelling with the definition of objects and concepts. Lastly, Ontology is useful 

for modelling agent communication by means of making explicit the parsed message between agents with the shared 

knowledge. This paper introduces related studies and basic knowledge about using methodologies, and supports an 

example of using Ontology in an agent-based carpooling simulation. 
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5) A Machine-Learned Ranking Algorithm for Dynamic and Personalised Car Pooling Services. 

AUTHORS: Mattia Giovanni Campana, Franca Delmastro and Raffaele Bruno. 

In reducing traffic congestion and pollution in cities by enabling drivers to share their cars with travellers with similar 

itineraries and time schedules. A number of carpooling matching services have been designed in order to efficiently find 

successful ride matches in a given pool of drivers and potential passengers. However, it is now recognised that many 

non-monetary aspects and social considerations, besides simple mobility needs, may influence the individual willingness 

of sharing a ride, which are difficult to predict. To address this problem, in this study we propose GOTOGETHER, a 

recommender system for carpooling services that leverages on learning-to-rank techniques to automatically derive the 

personalised ranking model of each user from the history of her choices (i.e., the type of accepted or rejected shared 

rides). Then, GOTOGETHER builds the list of recommended rides in order to maximize the success rate of the offered 

matches. To test the performance of our scheme we use real data from Twitter and Foursquare sources in order to 

generate a dataset of plausible mobility patterns and ride requests in a metropolitan area. The results show that the 

proposed solution quickly obtain an accurate prediction of the personalized user’s choice model both in static and 

dynamic conditions. 

 

IV. EXISTING SYSTEM 

 

There is no such system that predicts customer could cancel booked ride. 

Disadvantages of existing system 

 System can’t predict user cancelation possibility  

 User cancelation effect on profit  

 User cancelation also effect on company service  

 

V. PROPOSED SYSTEM 

Propose system provide cab cancelation prediction. To predict cab cancelation system will use Weather conditions 

changes, Festivals dates, Events, Ride distance, International days, and user cancelation history. As per parameter, 

system prediction cancelation of trip.  

Advantages of propose system 

 System is capable to predict user cancelation possibility  

 System increase profit due to prediction 

 

VI.  ALGORITHM 

 

ALGORITHM: 

    Algorithms used for data processing and different ideas used CARRIER GUIDE humanoid APP. 

Development area unit: 

 Naive Bayes Algorithm: Naive Bayes algorithmic rule is classification algorithmic rule in data Mining. 

This algorithmic rule works on Bayes Theorem. Bayes theorem finds the chance of an occurrence occurring 

given the chance of another event that has already occurred it's known as Naive Bayes algorithmic rule. 
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 C4.5: C4.5 is associate algorithmic rule that's want to generate a classifier within the sort of a decision 

tree and has been developed by Ross Quinlan. And so as to try and do a similar, C4.5 is given a group of 

information that represent things that have already been classified. 

 

A. BLOCK DEIAGRAM OF SYSTEM 

 

Figure. Block diagram 

 

B. HARDWARE REQUIREMENTS:  

i. System    :              Intel I3 Processor and above. 

ii. Hard Disk               : 20 GB. 

iii. Monitor    :  15 VGA Color. 

iv. Ram    :  4 GB. 

v. Mobile   :  Android 

vi. Mouse                                :              Logitech 

 

C. SOFTWARE REQUIREMENTS: 

i. Operating system  :  Windows 7 and above. 

ii. Coding Language  :  Java 1.8 

iii. Tool Kit   :  Android 2.3 and above 

iv. IDE    :  Android Studio  

v. Database   : MySQL 
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VII. CONCLUSION AND FUTURE SCOPE 

Propose system result's indicative of a true-life gains/savings that may occur once running such associate exercise. 

although the savings wouldn't numerically register on a monthly record, if similar gains/savings occurred on a weekly or 

monthly basis, the entire price for such endeavors would build a large distinction over a year’s time span. This project 

transversal heaps of areas starting from business ideas to computing field, to perform many researches to be able to 

succeed the project objectives. the world covers include: 

 Cab hiring industry: This includes study on however the cab booking business is being done, method concerned 

and chance that exist for improvement. 

 General customers/travellers also because the company’s staffs are going to be able to use the system with 

efficiency. 

 

VIII. MATHEMATICAL MODEL  

 

Let S = {fs, I, C, fmain, DD, NDD, O, Success, Failure} 

Where, 

I = Initial State 

s = Initial state of Project. 

 

The GUI provides user Login / Registration for the system after that user enter 10-12 marks.. 

Input 

I = {f I1, I4 g} 

1. I1 : Login Credentials 

 

Functions 

fmain = {f F1, F2g} 

1. F1 : Check login Credentials 

2. F2 : Implementation of naive bayes algorithm 

 

NDD = Non-Deterministic Data. Such data which cannot be predicted before execution of project. 

 

We cannot predict what is going to be the weights of the edges of the graph before execution. 

Output 

O ={ f O1, O2g} 

1. O1 : Login Successful 

2. O2 : taxi cancelllation 

 

Success 

Success ={ f S1, S2 g} 
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1. 1. S1 = taxi cancellation  

2. 2. S2 = taxi booking cancel 

 

Failure 

Failure = {f Fl1, Fl2 g} 

1. Fl1 = To retrieve data from taxi booking app. 

2. Fl2 = Disconnection of platforms. 
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